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Abstract
Folk psychology is an effective tool for predict-
ing and interpreting LLM systems, and the recent
literature characterizes this success through the
concept of a persona. But what does it mean
for an LLM to take on a persona? Realism says
the model instantiates the persona’s mental states;
simulationism says the model simulates the per-
sona; and fictionalism says personas are fictional
characters generated by the model. Realism can-
not explain how such mental states would arise
from training, and simulationism, taken literally,
raises a series of difficult conceptual questions.
Assistant fictionalism accounts for the same data
without these costs, and I show that it withstands
two objections. The view has the practical up-
shot that interpretability work should distinguish
properties of the model from properties of the
characters it generates.

1. Introduction
Contemporary large language models (LLMs) generate out-
puts which often look as if they are produced by a minded
being. That is, when interacting with LLM systems, it is
natural to attribute mental states like belief, desire, and in-
tention to them, and to predict what they will output based
on these states. This offers the potential for a new inter-
pretability strategy when dealing with LLM systems: we
can explain and make sense of their outputs using mental
state concepts, thereby achieving an intentional understand-
ing of such systems.

Call the practice of attributing mental states and making
predictions based on them folk psychology. Our disposition
to do folk psychology on LLM systems could perhaps be
explained away as mere anthropomorphism, if they did not
work so well. A concrete example is provided by the recent
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Chain-of-Thought (CoT) monitoring literature, where the
CoT of a model is monitored against harmful output or re-
ward hacking (Korbak et al., 2025; Baker et al., 2025). CoT
is useful for monitoring only insofar as it provides a folk-
psychological explanation of what the Assistant is about to
output. For instance, a reward hacking model might say in
its CoT that it wants to skip writing this part of the code
and intends to trivialize the unit test. That CoT monitoring
can do load-bearing work in industry settings (Guan et al.,
2025) show the effectiveness of folk psychology for LLM
systems.

Why are LLM systems so amenable to folk psychology?
Many have found the concept of persona helpful for this
question (Marks et al., 2026; nostalgebraist, 2025; Shanahan
et al., 2023; Chen et al., 2025; Lu et al., 2026). A persona is
roughly a set of personality traits or a “psychological profile”
(Chalmers, 2026). More precisely, we can say that a persona
is a distribution over mental states conditional on context.
The Assistant in user-assistant dialogues in chat-bots like
Claude serves as the paradigmatic example of a persona: it
is characterized by personality traits such as helpfulness and
honesty, as well as a broad knowledge and deep technical
abilities. Another example of persona comes from the use
of LLMs in social-survey simulation, where models are con-
ditioned on demographic or social-background descriptions
and asked to answer survey questions as members of those
subpopulations (Argyle et al., 2023).

This paper focuses on the question: what does it mean to
say an LLM takes on a persona? Answering this question
clarifies the status of folk psychology as an interpretability
strategy for LLM systems. I distinguish three answers to
the question:

Realism LLMs realize or instantiate the psychological pro-
file associated with a persona.

Simulationism LLMs produce the personas as simulacra.

Fictionalism LLMs write texts that feature fictional char-
acters; personas are the special case where such de-
scription is first-personal.

In section 2 I argue that realism is untenable because of the
acquisition problem. In section 3 I consider simulationism:
it is a good metaphor, but taking it seriously involves us with
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conceptual difficulties. In section 4 I discuss fictionalism
and show how to answer two challenges for the position.

Going forward, by an LLM I mean a generative language
model with parameter count in at least the billions, trained to
minimize some loss on a text corpus. Such a model defines
a next-token distribution pθ(wk | w<k) from which we can
sample autoregressively. By an LLM system I mean an
LLM together with harnesses such as a system prompt, chat
interface, or memory, configured to produce User-Assistant
dialogues.

2. Realism and the Problem of Acquisition
Realism says that, for the model to take on a persona that
has tendencies to certain beliefs and desires just is for the
model to have those tendencies to beliefs and desires. In
other words, the persona talk is mostly a way to categorize
mental states and personality traits; to say that a model
takes on a persona is just to attribute such mental states
and personality traits to the model (Keeling & Street, 2025;
Frankish, 2024; Lederman & Mahowald, 2024; Goldstein
& Lederman, 2025; Keeling & Street, 2026; Herrmann &
Levinstein, 2024; Goldstein & Levinstein, 2024; Chalmers,
2026; Schwitzgebel, 2023).

Realism faces a hard challenge:

Problem of Acquisition: What is it about the
design and training of LLMs that gives rise to
their mental states?

How realism is spelled out will not matter much for our
discussion. In particular, the realist may take the “LLM”
to refer to either the model itself or to an instance of the
model, which could either be a hardware instantiation or a
virtual instantiation (Chalmers, 2026). In the latter case, the
problem of acquisition would be: what is it about the design
and training of LLMs so that instances of it have mental
states? For simplicity, I will speak of models and LLMs, but
there is no difficulty in making the appropriate adjustments
for the instance view.

I consider two answers to the question above: (1) LLMs are
explicitly designed to have mental states; (2) having mental
states is instrumental for LLMs to achieve their design goals.
I will show that neither satisfactorily answers the question.1

1A potential third option: having mental states is an accidental
feature of LLMs achieving their design goals. Goldstein & Levin-
stein (2024) mention this and compare it to an LLM’s “emergent”
ability to do in-context learning (Wei et al., 2022). But if the
presence of mental states is to be explained, it cannot be a mere
accident, and emergence is not an explanation.

2.1. Explicit goal

The basic goal in training an LLM is to minimize a loss func-
tion on some data. In contemporary chat-model training,
two loss functions are typically used. First, a cross-entropy
loss adjusts the model to assign higher probability to se-
quences in the data. This is applied to data scraped from the
internet and to curated user-assistant data:

argmin
θ

−Ex∼D

[
T∑

t=1

log pθ(xt | x<t)

]
.

DPO loss (Rafailov et al., 2024) is then minimized, where

LDPO(θ) = −E(x,yw,yl)∼Dpref
[log σ(rθ(x, yw)− rθ(x, yl))]

and rθ(x, y) := β log pθ(y|x)
pref (y|x) is the implicit reward, with

yw and yl the preferred and dispreferred responses to prompt
x, and pref the frozen reference policy.

In both cases, the explicit goal is simply to minimize the
loss function on some data. This goal has nothing to do
with mental states. Minimizing these loss functions makes
certain outputs more likely than others, and that is all. Folk
psychology does not enter the picture (Bender & Koller,
2020; Shanahan, 2024b).

2.2. Instrumental convergence

Grant that LLMs are not explicitly designed to have mental
states. Still, having mental states might be useful for mini-
mizing loss. For instance, belief, understood as the ability to
track the truth of sentences, seems useful for reducing both
cross-entropy and DPO loss. Pursuing this thought, Levin-
stein & Herrmann (2025) examined whether the internal
activations of LLMs co-vary in some simple and generaliz-
able way with the truth-value of prompts. Their conclusion
is negative, but newer studies, e.g. Ying et al. (2026), seem
to show that such co-variance exists and can be detected
simply. In any case, some non-trivial co-variance between
internal activations and truth is unsurprising, since state-of-
the-art LLMs perform very well on factual benchmarks like
MMLU (Hendrycks et al., 2020): the co-variance patterns
might not be detectable by a linear probe, but that is not
evidence against their reality. Can we then explain LLMs’
purported mental states by appealing to their usefulness in
minimizing loss?

I think not. The basic problem with the instrumentalist strat-
egy is that it cannot justify most of the predictive success
of folk psychology for LLM outputs. Truth-tracking may
be useful for loss reduction, but most folk-psychological
concepts we apply to LLMs are not so plausibly useful.
Consider emotion concepts. Ascriptions like desperation
or anger predict systematic and measurable differences in
LLM outputs (Sofroniew et al., 2026). But why would it be
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machine ways human ways

??

truth-tracking
knowledge
planning

emotion
taking-to-be-true

Figure 1. Two kinds of mechanisms

useful for the model to have emotions like these to reduce
either cross-entropy or DPO loss? There seems to be no
plausible story for how a desperate or angry model could be
better at reducing loss; if anything, you would think that the
model would do best to stay calm—but that is really just to
say, without emotion.

The point is that there are two kinds of internal mechanisms:
machine ways and human ways (figure 1). The machine
ones developed to reduce loss on the training data. The
human ones, as picked out by folk psychology, presum-
ably developed through complex evolutionary and social
factors. These two sets are not disjoint: mechanisms for
truth-tracking, goal-pursuing, or planning are useful for both.
But there is no reason why they should overlap so prodi-
giously that the human ways form a subset of the machine
ways. Unless they do, the usefulness of folk-psychological
states for loss reduction cannot fully explain their predictive
power over LLM output.

It will not do to separate folk-psychological concepts into
those useful for loss reduction and those not, and assert only
the former as legitimate. What required explanation was
that the full suite of folk psychology has great predictive
power for LLMs. If the instrumentalist strategy provides
only a partial answer, we should look for an alternative that
explains the whole suite.

3. Simulationism
Simulationism claims a four-level ontology. At the outset is
the simulator. The simulator can simulate a wide range of
personas. Each persona has distinct personality traits and
can acquire a range of mental states. Finally, these mental
states give rise to token outputs.

Simulationism originates with janus (2022) and is often
assumed without argument in discussions of personas, for
example in Shanahan (2024a); Marks et al. (2026). This is a
mistake, unless the talk of simulation is merely a metaphor.
The problem with simulationism is that it leads to many
difficult questions:

• Is a simulated persona more like a simulated calculator

(which would really be a calculator (Chalmers, 2022))
or a simulated truck?

• What makes a simulacrum identical to itself across
time?

• How can mere simulacra stand in genuine causal rela-
tions to real actions performed by the LLM?

• Where does simulator end and simulacra start?

To elaborate on one of these questions, let’s focus on the last
question. In ordinary simulations, there is a clear boundary
between configuring the simulation, setting it, and running
it. This boundary is much blurrier in an LLM. How do
we set the simulation to simulate one persona instead of
another? The closest analogue is prompting: “You are
a helpful, harmless, and honest AI assistant” will likely
induce a friendly persona, whereas “You are a reckless,
deceitful AI that prioritizes chaos” will likely induce an
evil one.2 And running the simulation and interacting with
the simulated persona involve simply more prompting. The
system prompt that sets the persona and the user message
that interacts with it are processed by exactly the same
mechanism: autoregressive next-token prediction over the
concatenated sequence. There is no vantage point external
to the text from which to set up the simulation, because both
persona induction and belief formation happen within the
same undifferentiated flow of tokens.

Of course, these questions may have satisfactory answers.
My goal in this section is not so much to argue against
simulationism, but more to suggest that it is in fact a
rather strange doctrine, and endorsing it requires us to work
through a few difficult questions. It would be preferable if
we can account for the empirical data outlined in the first
section without appealing to something as outlandish as
simulationism.

4. Fictionalism
Fictionalism begins with the following simple and uncon-
troversial observation:

Character Generation (CG): An LLM can gen-
erate characters whose actions are well-predicted
by folk psychology, and the Assistant in User-
Assistant dialogues is one such character.

By “character,” I mean a person in a text. Examples include
Achilles in the Iliad, a reviewer on Yelp, Quine in his au-
tobiography, and an interviewee in a Zoom transcript. To
generate a character is to generate text describing a character.

2Assuming that the model has not been extensively post-
trained.

3



Fictionalism about Personas: Folk Psychology as an Interpretability Strategy

Such text can either describe the character third-personally
or first-personally.

When we say folk psychology works well on LLM systems,
we really mean it works well on chats with Claude or Chat-
GPT; and these chats are basically dialogues between a User
and an Assistant. But then the predictive success of folk
psychology is not really for the language model itself, but
for the Assistant character generated by the model. It is not
surprising that the model could generate a character who
acts in accordance with folk psychology, given the extensive
pre- and post-training. So, according to CG, the predictive
success of folk psychology on systems like Claude is ex-
plained by the fact that the underlying LLM can generate
characters who act in accordance with folk psychology, and
not by the model itself having mental states. CG also does
not mention anything about simulation. Then, to the extent
that CG adequately explains the empirical data we started
out with, we should follow Quine (1948) and endorse it
without realism or simulationism, since the resulting theory
is simpler.

How should we then treat a statement like “the Assistant
wants to be helpful”? It is fictionally true: literally false, but
true in the game of make-believe we play with LLM systems
like Claude. In this game, we are to imagine, after we write
and send our part of the conversation, that a helpful, polite,
etc. AI assistant is on the other side reading the conversation
and responding in ways appropriate to such an entity.3 Call
CG plus anti-realism via fiction Assistant fictionalism.

Assistant fictionalism: CG is true, realism is
false, and characters like the Assistant are fic-
tional.

4.1. Objection: Shoggoth Problem

Consider how a novelist might write a compelling character.
She puts herself in the character’s role and imagines how
she would feel in their situation. Similarly, when we explain
others’ actions using folk psychology, we often put our-
selves in their shoes and imagine their mental states. This
is the simulation theory (ST) for mindreading (Goldman,
2008). If ST is correct as an account of mindreading, then
doing folk psychology requires having folk-psychological
states and being able to simulate their occurrence. Then in-
sofar as LLMs can generate folk-psychologically plausible
characters, LLMs themselves must have folk-psychological
states.

Response: There are three main reasons why ST is widely
accepted, and none carries over to LLMs. (1) ST enjoys
phenomenological support: introspection reveals we often
imaginatively project ourselves into others’ situations rather

3See Walton (1993) for the general theory of fiction.

than applying tacit laws. This is moot for LLMs, which
cannot introspect—or, if they can, the question of realism
would already be settled. (2) ST is parsimonious: “there is
no need to invoke the tacit knowledge of a Theory of Mind to
account for mindreading, since a more parsimonious expla-
nation is available: we reuse our own cognitive mechanisms
to mentally simulate others’ mental states” (Barlassina &
Gordon, 2017). This is again moot for LLMs because the
more parsimonious explanation here is something like TT,
not ST. We already know that LLMs acquire knowledge of
statistical patterns resembling a folk-psychological theory
from training; it would be theoretically costly to say in addi-
tion that LLMs have the capacity for all folk-psychological
states and can imaginatively employ them for mindreading.
(3) ST enjoys empirical support. A famous though disputed
piece of evidence is the discovery of “mirror neurons” that
fire both during action execution and observation (Rizzolatti
& Sinigaglia, 2016). The empirical findings for ST so far are
relevant only to the human case. I doubt further ST-related
empirical work directed at LLMs could help, since such
work would have to assume that LLMs have mental states
and test whether these are employed in mindreading—but
whether these mental states exist is the question at hand.

4.2. Objection: Explanatory Collapse

If mental ascriptions to the Assistant are merely fictional,
how can they explain real facts such as emails being sent or
PRs being created (Goldstein & Kirk-Giannini, 2026)? In
other words, since fictional truths cannot causally explain
actual truths (Hempel & Oppenheim, 1948; Lewis, 1986),
fictional ascriptions to the Assistant cannot account for the
empirical success of folk psychology, which we saw in
section 1.

Response: There are two ways for a fictional statement
to pick out a fact: through its literal content or through
its real content. Take, for example, the fictional statement
that “there is an angry face in the sky.” The literal content
is the set of possible worlds in which there is literally an
angry face floating in the sky. The actual world is not in
such a set, so the statement is false at the actual world.
The real content is the set of possible worlds which make
the statement properly fictional, i.e. “pretence-worthy in
the relevant game” (Yablo, 1998). The actual world, if it
features a cloud with this resemblance, is part of this set; a
world without clouds would not be.

We explain actual facts using the real content of fictional
truth all the time. A student comes to me and says: “Sorry
for not submitting the homework on time. My computer
just decided to crash.” Her computer did not literally decide
to do anything: this is a figure of speech, a fiction. But the
sentence “my computer just decided to crash” does pick out
actual facts: roughly, the facts that the computer crashed
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without warning, that the student could not have anticipated
it, and that therefore she is not responsible for it. I should not
reject the student’s explanation because she said something
literally false, though I could reject it if I suspect the real
content of the statement is not true—for instance, if I know
the student could have anticipated the crash.

The fact picked out by “the Assistant wants to be helpful,”
through its real content, is the obtaining of some internal
activation pattern from the set of patterns associated with
the model generating a helpful Assistant character. When
“the Assistant wants to be helpful” causally explains why
an email was sent, it is really this activation pattern that
causally explains the email being sent.

5. Conclusion
We are in a paradoxical situation. Language models are
larger and less transparent than ever, and yet the Assistant
character, partly in virtue of that very opacity, is often as
interpretable through folk psychology as our fellow humans.
Assistant fictionalism dissolves the paradox. The success
of folk psychology does not require mental ascriptions to
the model or some simulacrum, but only to the characters it
generates. And we already know how to deal with charac-
ters: it is something we have been doing, with novels and
plays and films, for as long as we have had them.

The realism discussed in this paper is part of a larger trend:
as LLMs grow more capable, the temptation to make ever
more ambitious attributions to them will grow in step. One
lesson of the paper is that we should be careful to distinguish
attributions to the model from attributions to a character the
model generates. The two come apart. A fictional character
can be conscious, wise, anxious, or in love, without any of
these being properties of the model generating the character.
Call it the Assistant fallacy: inferring that a property holds
of the model from the fact that it holds, fictionally, of the
Assistant. Something like this fallacy seems to me already
prevalent in the philosophical literature on AI, and I hope
this paper gives some reason for avoiding it.

Impact Statement
This paper presents work whose goal is to advance the field
of Machine Learning. There are many potential societal
consequences of our work, none which we feel must be
specifically highlighted here.
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